Crowdsourcing Wildlife Data from Social Media
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Rationale:

« Traditional wildlife monitoring
requires expensive and time
consuming data collection.

« Social media is a source of
large, cheap, and dynamic data.

« Computer vision and ML
(Wildbook™ ) allow the use of
images as the source of
information about wildlife.

» Social media data is biased, which affects monitoring
results when using social media images as data.

Questions:

* What is the bias of sharing animal images on social
media?

» Does it vary by species and media type?

» Does the bias vary by geography and time?

Our Contributions:
A framework for data collection and the resulting datasets for

Platforms:

3 YouTube flickr

Species:

g .
iNaturalist
Process (for each platform for each species):
Use (Python) API Filter (manually)
+key}/vord search - relevant images. — Access metadata - Analyze
to find related
images Filter wild/captive

of images of wild animals posted on social media platforms

Preliminary analysis of wild animal postings by media type
and animal species

Results
Species (color code) Total Count Total Relevant % Total Wild %
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